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PART 01 7
Introduction & Motivation



» What is Reinforcement Learning?

» Goal of RL: Artificial General Intelligence (AGI)
environment

)\

~ ™
(-4

agent

actions

—_—

rewards
observations ‘ .

Reinforcement learning in dog training.

AITREHEREER & 2 T\ MR AR NiDD Arstgszes



» What else?

* Robotics » Autonomous Driving

OpenAl 2019 CARLA 2017
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» What else?

» Quantitative Trading

Industrial Design

20000 DDPG ,
Min-Var '
—— DJIA I
A W
18000 - "N A
L]Y) ¥
| b " ‘,).‘
J X
Y 16000 y
= J J
S 4 A l ~
A / A MN

2 v AN
S 14000 | 1 1 W
‘E REY™ 7
o . f /'M/v

12000 4 — ;‘/\.M

P
-;Wmf
10000 { W”

T T T L T T T
2016-01-04 2016-06-16 2016-11-29 2017-05-16 2017-10-27 2018-04-16  2018-09-28
Date

PrefixRL 2022 FinRL 2020
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» What else?

 Chat Bot

AR N ER iR &2 < T it

#NEFHRTL

Step 3

Optimize a policy against
the reward model using
reinforcement learning.

A new prompt
is sampled from
the dataset.

The policy
generates
an output.

The reward model
calculates a
reward for

the output.

The reward is
used to update
the policy
using PPO.

JDD

»

Write a story
about frogs

|
\J

PPO
e, 0

N
W

Y

Once upon a time...

v

RM
. 0

N,
W
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» What else?

Multi-agent RL » Competitive RL

21133 JFRQMo™INRBA™0

B

TiZero 2023 Honor of Kings Arena 2022
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» Do RL in a Unified Framework

env = make("env_name") Various Various RL
net = Net(env) Environments Algorithms
agent = Agent(net)
agent.train(total time steps=100)
obs, info = env.reset()
while True:

action, = agent.act(obs) Multi-agent &

. . Self-pla
obs, r, done, info = env.step(action) RSy
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PART 02
OpenRL: An Open-Souce RL

Framework



» Main Features of OpenRL
>

oip install openrl & pyp o

ANACONDA

! ! Google Colaboratory

docker
docker pull openrllab/openrl

or

st |

"USE_

AIIR EER LT & £ EH N\ SRR £ NiDD Arstgszes



» Main Features of OpenRL
>

openrl --mode train --env CartPole-v1

AR SRR R £ Ei N B F R NiDD Aruntmeszes



» Main Features of OpenRL
>

from openrl.envs.common import make
from openxl.modules.common import PPONet as Net

from openrl.runnexrs.common import PPOAgent as Agent
env = make("CartPole-v1l", env_num=9)

net = Net(env) # create the neural network & &
agent = Agent(net) # initialize the trainer

# start training, set total number of training steps to 20000
agent.train(total_time_steps=20000)

AITREHEREER & 2 T\ MR AR NiDD Arstgszes



Task/test/tnp_test

from openrl.envs.common import make
4 from openrl.modules.common import PPONet as Net
© from openrl.runners.common import PPOAgent as Agent

5 env = make("CartPole-vi", Bnv nui=9) # plFE HEEFEHGNRS

net = Net(env) 2 SiR@EHE

agent = Agent(ngt) & IR

agent.train(toral tine steps=20080) & ARl FRBREGTTESII 0008

e

100 F A TREM, RS TEAY, AEERAR Roraup_hunan

i1 env = make("CartPole-v1", Bnv num=9, render modes"group human®)
agent.set envienv) & UISEIF R0 BEGRIE B M B paERiR

obs, info = env.reser() & JRRSEIEE SEAIREDEMNIIRER

©.  totosl reward = B
1% while True:
it action, _ = agent.act(obs) # EFELEESE A ENTE - TiE

I e T, BT TNNE. 2. RSEE. HRRR
2 obs, r, done, infe = env.step(action)

totoal_reward += np.mean(r)

oy if any(done):

! break

24 env.close() & se@libaisrid

(ai3.9)

L

A
b
A
e
i




Main Features of OpenRL

Documentation/H

WELCOME TO OPENRL'S DOCUMENTATION!

= OpenRL

HR3C3THY | GitHub

User Guide

= OpenRL Introduction
o OpenRL Reinforcement Learning Framework
o Citing OpenRL
* Quick Start Guide
o Installation Instructions
o Train Your First Agent
o Multi-Agent Training
o Train Natural Language Dialogue Task
= APl Doc
o Subpackages

AR DR R &2 = T i

English | GitHub

BFiEm

« OpenRL 148

o OpenRL 3Bt EA>IHESE

o Citing OpenRL

TRE EF

o TR

o FHAEREMIIL

o IHSBEEMECEIEE

o YIZHBMIESMHIEES
 APIDoc

o Subpackages

AEFHHR

1R
MM SEE OPENRL A3 4Y

=
=0

Tutorial

TRAIN YOUR FIRST AGENT

Training Environment

OpenRL provides users with a simple and easy-to-use way of using it. Here we take the CartPole environment as an example, to
demonstrate how to use OpenRL for reinforcement learning training. Create a new file train_ppo.py and enter the following code:

# train_ppo.py

from openrl.envs.common import make

from openrl.modules.common import PPONet as Net

from openrl.runners.common import PPOAgent as Agent

env = make("CartPole-vl", env_num=9) # create environment, set environment parallelism to 9
net = Net(env) # create the neural network

agent = Agent(net) # initialize the trainer

# start training, set total number of training steps to 20000
agent.train(total_time_steps=20000)

Execute python train_ppo.py in the terminal to start training. On an ordinary laptop, it takes only a few seconds to complete the
agent’s training,

OpenRL also provides command line tools that allow you te complete agent training with one command. Users only need to
execute the following command in the terminal:

openrl --mode train --env CartPole-vl

Test Environment

After the agents have completed their training, we can use the agent.act () method to obtain actions. Just add this code snippet into
your train_ppo.py file and visualize test results:

DD An+m¢aﬁaﬁ£$u§g




ires of OpenRL

>

seed: -0
Configure everything lr: 7e-4

| critic_1r:  7e-4
eplsode_length: 25
run_dir: ./run_results/
experiment_name: trailn_mpe
log_1interval: 10

AIBREH R % © T ik A BRI AT 1 NiDD A'?ﬁmgu%%




» Use yaml

> python train_ppo.py --config mpe ppo.yaml

seed: -0
Lr: 7e-4

critic_1r:  7e-4
eplsode_length: 25
run_dir: ./run_results/
experiment_name: trailn_mpe
log_1interval: 10

AIIREN SRR 2 5 A B R NDDAsgmanzes

..
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» Use yaml

> python train_ppo.py --config mpe_ppo.yaml

> python train_ppo.py --seed 1 --Ir 5e-4

AITREHEREER & 2 T\ MR AR NiDD Arstgszes



» Main Features of OpenRL
>

intent_rewards meteor_rewards kl_div alpha
0.3 0.2
0.15 0.025
0.25
I 0.02 0.15
'aC our experiments
0.015
0.15 0.1
. 0.01
0.1 0.05
Viad
0.05
Step Step 0 Step Step
0 0 0
20k 40k 60k 80k 20k 40k B0k 80k 20k 40k 60k 80k 20k 40k 60k 80k

episode_reward policy_loss value_loss

lHF
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» Main Features of OpenRL
>

7 . Mot o o Tzu-Wei
< C (@ gig:6006/#scalars # WO
T .
ra C k y O u r eX p e rI I I l e n t S TensorBoard SCALARS IMAGES  AUDIO  DISTRIBUTIONS  HISTOGRAMS  PROJECTOR TEXT PR CURVES IHAC'I'IVE—T
1 [] show data download links Q.+
V I a e n S O r O a r Ignore outliers in chart scaling
Tooltip sorting method: dffiilih ___________ v Js mat -*/ (all tags)
data/scalarl data/scalar_group

[% O Jan18.19-42.05 Z97X 8 Smoothed Value Step Time

0.6883 5000 ThuJan18,19:42:16 10s
=~ Jan18 19-42-

AR ShER (R & 2 T 3\ B AT ND ﬁ‘:&“ﬁ’iﬁi“ﬁ%3‘-'5--.



» Customize Wandb Output

class SMACInfo(EPS_RewardInfo):
def ( , *args, *xkwargs):
). (xargs, - *xkwargs)
.win_history = deque( =

, ‘buffer: Any) -> Dict] , Any]:

https://github.com/OpenRL-Lab/openrl/blob/main/examples/smac/custom_vecinfo.py

AR EER R 2 Ei A F R NiDD A'?ﬁmgugﬁa




» Customize Wandb Output

dead_ratio

= SMAC_smac_mappo_secdd

1
0.2 0.8
0.15 06
0.1 0.4
0.05 0.2
Step
0 —_— 0
100k 200k 300k 400k 500k
ratio
= SMAC_smac_mappo_seedd

1.0008 0.5
1.0006 0.4

1.0004
0.3

1.0002
0.2

1
0.5938 0.1
0.9996 Step 0

100k 200k 300k 400k 500k

AR N ER iR &2 < T it

HANBFHR

100k

100k

win_rate
= SMAC_smac_mappo_seedd
- —w
Step
200k 300k 400k 500k
value_loss
= SMAC_smac_mappo_seedd
Step
200k 300k 400k 500k

episode_rewards_mean

= SMAC_smac_mappo_secdd

Ln

100k 200k 300k 400k 500k

FPS

— SMAC_smac_mappo_seedd

Step

100k 200k 300k 400k 500k

DD A" mmaﬁi#u&
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» Main Features of OpenRL
» Customizable capabilities for professionals

Abstract & Modularized Design

Reward Module Policy Module

Value Module Algorithm

AR F EREF I £ T\ S AGET DD A #fizszes



» Customize Reward Model

mask, i

q¢(f|3t)

mn 'Vem
4 4
\/Criticin MLP |« \ Discriminaton /Criticex MLP |+

L ) || R
MLP (MLP_
N VAN . il AN VARN f
z~p(z) Stz St 2z Stz Stz ]
i Per episode

Chen, Wenze, et al. "DGPO: Discovering Multiple Strategies with Diversity-Guided Policy Optimization." arXiv preprint arXiv:2207.05631 (2022).
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Examples

"Explain quantum computing in
simple terms" —

"Got any creative ideas for a 10
year old’s birthday?" —

"How do | make an HTTP request
in Javascript?" —

ChatGPT

%

Capabilities

Remembers what user said
earlier in the conversation

Allows user to provide follow-up
corrections

Trained to decline inappropriate
requests

» Customize Reward Model

A

Limitations

May occasionally generate
incorrect information

May occasionally produce
harmful instructions or biased
content

Limited knowledge of world and
events after 2021

Step 3

Optimize a policy against
the reward model using
reinforcement learning.

A new prompt

is sampled from szzm
the dataset. about frogs
|
Y
The policy PPO
enerates O®
9 o//‘?o?\\o -
an output. W

The reward model
calculates a
reward for

the output.

The reward is
used to update
the policy
using PPO.

Al* EMEFEH?E#I#IE’%
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» Customize Reward Model

class BaseReward(
def ( ) :

.Step_reward_fn =

.lnner_reward_fn
patch_reward_tn

AR EER R 2 Ei A F R NiDD A'?ﬁmgugﬁa




» Customize Reward Model

NLPReward(BaseReward) :

» Intent Reward: When the generated text by the agent is close to the expected intent, the
agent can receive higher rewards.

» METEOR Metric Reward: METEOR is a metric used to evaluate text generation quality and
can be used to measure how similar generated texts are compared with expected ones. We
use this metric as feedback for rewards given to agents in order to optimize their text
generation performance.

» KL Divergence Reward: This reward is used to limit how much text generated by agents
deviates from pre-trained models and prevent issues of reward hacking.

AR SERER @B SR /ND ﬁ'tﬁ*f?ﬁf@ﬁ%‘i%%{‘"-‘3-:



» Customize Reward Model

class NLPReward(BaseReward):

» Intent Reward: When the generated text by the agent is close to the expected intent, the
agent can receive higher rewards.

.batch_rew_funcs = {
Intent(*xintent_config),

ANIR 5 ER PR 2 E A S AL NiDD A'*ﬂ*ﬁﬁﬂ%’% E




» Customize Reward Model

class NLPReward(BaseReward):

» METEOR Metric Reward: METEOR is a metric used to evaluate text generation quality and
can be used to measure how similar generated texts are compared with expected ones. We
use this metric as feedback for rewards given to agents in order to optimize their text
generation performance.

.inner reward fn = {

: Meteor(**meteor_confiqg),

].

AR EER R 2 Ei A F R NiDD A'*”jfﬁﬁgmﬁa




» Customize Reward Model

class NLPReward(BaseReward):

» KL Divergence Reward: This reward is used to limit how much text generated by agents
deviates from pre-trained models and prevent issues of reward hacking.

.step_rew_funcs = {
: -KLPenalty(**k1l_config),

}

ALIREHEREETR R £ Ei N\ B2 AT £t NiDD A'*ﬂf*ﬁmﬁ




» Main Features of OpenRL
>

Reinforcement learning with online interactions

>
< State, Reward -
Environment
Action >

Offline reinforcement learning

| Online agent

Learn from lteraction

| Offline agent 1

--. 4 h '—-
/fﬂ‘r)‘-'.ﬁ;"ﬁ

Learn from Expert Data .I.I.I.

ST
1'/‘:\;‘&
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» Main Features of OpenRL

>

env = make( , =10, =cfq)
net = Net(env, =cfq)

agent = Agent(net)

agent.train( = )

env.close()
AR SRR £ it A BFARA NDD A'*{‘iﬁﬁgmﬁ?




» Main Features of OpenRL Find out more b

» Customizable capabilities for professionals

» Dictionary observation space support

» Serial or parallel environment training

» Support for models such as LSTM, GRU, Transformer etc.
» Automatic mixed precision (AMP) training

» Data collecting wth half precision policy network

AIREN IR R 2 Wi N F AL %ﬁﬁﬁﬁ%
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» Main Features of OpenRL
> + :

w | Hugging Face

AR EREFTR & £ EH A B Z A /DD A'**f*%ﬁ#n@a



» Main Features of OpenRL
> Gallery
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» Main Features of OpenRL

» High performance

FAST

Training CartPole on a laptop only takes a few seconds.
+17% speedup for language model training.

1‘\v/
Ranking 1st on Google Research Football.
Achieving +43% performance improvement on LLM.

IGH QUALITY ir

AI*softwalz_Devew@e_nt Digital summit_ - e
5 TN . <

Al TN & = EHENHZ LR



» Compared with RL4LMs

FPS(Speed) Rouge-1 Rouge-Lsum Meteor SacreBLEU
Supervised
_ None 0.164 0.137 0.234 0.063
Learning
RL4LMs 11.26 0.169 0.144 0.198 0.071
OpenRL 13.20(+17%)  0.181(+10%)  0.153(+12%)  0.292(+25%)  0.090(+43%)

AR SRR & < i\ B2 AT ND A'*M*%W“&m



o
» lee ro Lin, Fanqi, et al. "TiZero: Mastering Multi-Agent Football with Curriculum Learning and Self-Play." arXiv
preprint arXiv:2302.07515 (2023).

1
i ' _ Final Tizero
4> | ,Curriculum |, Challenge & Generalize
[ Self- Play ! Self-Play
40 - -
|
B Ty Mg e I TiKick
. 1
_ 35 : JiDi_3rd
k> |
0 30 1 E WeKick
E I Rule-Based-1
= 55 I Rule-Based-2
. I
Builtin-Hard
1
I
|
20 A I
|
15 - : ——— TiZero
Ranflom ® Baselines
0 10 20 30 40

Training Days
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» TiZero

E%ll

Football-11vs11 Stochastic

g‘-._- TiZero

i E uper!
@ B com
4 E FHUMER
6 . yif11235
7 @ capslock
B Q atan
7 ! sunyuxiang

AR N ER iR &2 < T it

Lin, Fanqi, et al. "TiZero: Mastering Multi-Agent Football with Curriculum Learning and Self-Play." arXiv

preprint arXiv:2302.07515 (2023).
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» lee ro Lin, Fangqi, et al. "TiZero: Mastering Multi-Agent Football with Curriculum Learning and Self-Play." arXiv
preprint arXiv:2302.07515 (2023).
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PART 03
Future Release
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-Scale RL

» Large

Large Population

Large Model

Al REFEMTIES
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» Large-Scale RL

Large Population

5 agents 20 agents 50 agents

v © 0.9/ ' v 0.9

” ? 0.6 o/ 0.6

Q )] @

o 0. 0 0.3 0 0.3

@ A 7 —

0.0 0.6 1.2 1.8 2.4 3.0 0.0 0.6 1.2 1.8 2.4 3.0 06 1.2 1.8 2.4 3.0
Timesteps 163 Timesteps Le/ Timesteps i85
— MAPPO MAT —— DICG — MASER — MAGE-X

Yang, Xinyi, et al. "Learning Graph-Enhanced Commander-Executor for Multi-Agent Navigation." arXiv preprint arXiv:2302.04094 (2023).
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» Open RL via Sharing

Share Models Share Codes

ing Face itHub Weights & Biases

| |
| |
| |
| |
| |
=0 >
o q = OpenRL-Lab 1 T t h 5 + -
@ HumanCompatibleAI/ppo-seals-CartPole-vO HumanCompatibleAI/ppo-Pendulum-vl | penRL-Lab | openr Q Type [ to searc! >. (=] I PPOAgent
Updated Dec 30, 2022 478k 5 Updated Jul 29,2022 13.7k 2 | |
| <> Code (O Issues 13 11 Pullrequests D Discussions (2 Actions [ Projects 1 [0 Wiki (@ Security |
I — | © Runs (10) =) rch panel
sbajtds halichactanzvs Sb3icacghatkerac,y3 ! openrl  public <2 EditPins +  ®Unwatch 8 - Y Fork 45 - Stared 353 - | Querien .
Updated Oct 11,2022 - & 3.8k Updated Oct 11,2022 - & 3.66k | | Q * = I % 8 v B
| |
& edbeeching/decision-transformer-gym-hopper-medium " sb3/ppo-PongNoFrameskip-va4 | ¥ main - Go tofile Add file - PN T About & | Workspace ® Hame (10 vist te report
Updated Jun30,2022 - L 491 - © 2 Updated Oct 11,2022 - & 360 | | e
| P Branches © Tags Unified Reinforcement Learning | [im] > agent_2 1
| Framework | funs ® @ simple_spread_train_mpe_jrpo_seed0
& edbeeching/decision-transformer-gym-hopper-expert " sb3/td3-Swimmex-v3 | |
Updated Jun 30,2022 - 338 - © 10 Updated Oct 11,2022 - & 303 | ‘ huangshiyu13 Merge pull request #101 from strivebf/main ... v 14hoursago D227 @ openrl-docs.readthedocs.io | X
| | & ® @ simple_spread_train_mpe_seed0 1@
) : > agent_
. | B github Update unit_testyml 3 weeks ago ENDCSTEEI) R | Jobs
sb3/ppo-CartPole-vl + Classroom-workshop/assignment2-omar | pr— ) o | ® @ daily_dialog_ppo_seed0
Updated Oct 11,2022 - £276 Updated Dec 14,2022 - & 264 - © 1 | B docker - add docker last month | .
| gymnasium  self-playing | &
| W docs update readme 2 weeks ago AT g——— | atomar. daily_dialog_ppo_seed0 2hagento gl
® Oxid/poca-SoccexrTwos " sb3/demo-hf-CartPole-vl | N . |
multi-agent-reinforcement-learning
Updated Feb 13 - 193 Updated Jan21,2022 - £ 189 - © 1 | W examples add vdn mpe example 20 hours ago ) | & @® @ daily_dialog_ppo_seedo
| distributed-reinforcement-learning |
| = openr fix vdn bug about dim setting 15 hours ago | Sweeps. > Charts 12
mets-algorithm ® @ daily_di
q 5 . : o y_dialog_ppo_seed0
@ HumanCompatibleAI/ppo-seals-MountainCar-ve sb3/dqn-BeanRiderNoFrameskip-v4 | B scripts - add docker Jast month aoogle-research-footbal |
Updated Jan2 « 4189 « O 1 Updated Oct 11,2022 - & 143 | | [E]
} o tests add test_vdn_algorithm 15 hours ago embodied-ai } Reports ® @ simple_spread_train_mpe_seed0 > System 21
sb3/a2c-BreakoutNoFrameskip-v4 abarekatain/poca-SoccerTwos | .dockerignore - add docker last month Read: | .
= / P 04 /p I 0 9 0 Readme I < ® @ simple_spread_train_mpe_seed0
pdated Oct 11,2022 - £101 - O 1 Updated Apr 12 - & 92 s Apache-2.0 I =
| [3 gitignore add vscode to gitignre last month pache-2.0 license | rtifacts - 2
‘ A Activity I @ @ cimnle snread train mne seedn 110w of 10 < > Zikiiccen Banels ()
| [ CONTRIBUTING.md update readme 2 weeks ago |
| 7 353stars |
| |
| |
| |
| |
| |
| |
| |
| |
| |
| |
| |
| |
| |
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» Scan the QR code to try OpenRL!
OpenRL

[I OpenkL-Lab/openr| J

qt‘.l. T
.ﬂl_l!n
".1 o .

-

Apr 16 Apr 23 Apr 30 May 07 May M May 21 May 28 Jun 04 Jun

Date 2} star-history.com

SR

Visit: github.com/OpenRL-Lab/openrl
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» Scan the QR code to try OpenRL!

.+ Star History

[- OpenkL-Lab/openrl J

300

GitHub Stars
%]
[=]
[=]

o
o

Apr e Apr 23 Apr 30  May O7 May M May 21 May 28 Jun 04 Junll
Date %} star—history.com

Visit: github.com/OpenRL-Lab/openrl
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» Why?
»Think about pip for Python package (apt/yum/brew/dnf/npm/)!
»Think about App Store.
» Standardize plugin.
»Provide a simple way to use, share LLM plugins.
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» Main Features of OpenPlugin

@ pypi
pip install openplugin-py

U Search projects Q Sponsors Login Register

openplugin-py 0.0.1 WY P

pip install openplugin-py @ Released: 9 minutes ago

Toolkit and Collection for Plugins of Large Language Models

Navigation Project description

Project description a
= roccr [

“D Release history

Plugins for Large Language Model (LLM).
& Download files

Installation
Project links * pip install openplugin (or clone thisrepoand pip install -e .).
A Homepage Usage
©) Code . I
* Check OpenPlugin's version with: op --version
B Documentation * Check system information: op --system_info
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» Main Features of OpenPlugin Find out more p

>

» install plugin: op install <plugin_name>
» install locally op install ./
» reinstall op reinstall <plugin_name>
» uninstall plugin: op uninstall <plugin_name>
» start to run plugin: op run <plugin_name>
» list installed plugins: op list

op is all you need!
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» Main Features of OpenPlugin Find out more p

>

» Provide config API for SageGPT/ChatGPT platform
» can get json file via: server_host/ai-plugin.json
» can get YAML file via: server_host/openapi.yaml

{ openapi: 3.0.0
"schema_ version": "v1", info:
name—fc’r—h“man: : _QEEQEEE ’ title: QR code API
name_for model": "QR code", . . B A — =
"description for human": "XNMEE T URRERR—R —H#EEE", descrlptlon: IZE_ | mFﬁm—ﬁEHEﬁAPI"
"description for model": "XTMEGETUARFPER K S#BEE", version: 1.0.0
"auth": {
"type": "none” servers:

b

"api": { - url: http://172.24.4.12:5004

"type": "openapi",
"url": "paint-plugin-openapi.yaml", .
"is user authenticated": false paths: .
Y, /grcode_image:
"logo url": "http://imageOcrSummary.4pd.io/logo.png", get:
"contact email": "huangsyl314@163.com", — -
"legal info url": "http://imageOcrSummary.4pd.io/legal" summary: ﬁﬁi_ﬁﬁg ):|L
} operationId: getQRcode
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» Main Features of OpenPlugin
> e e
Plugin Store
https://openrl.net/plugin-store/

Plugin Name Description

ikun_plugin | Love Kun!

todo_plugin make todo list
QRcode_plugin Generate QR code for you!

You can share your plugin to others!
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» Main Features of OpenPlugin

» Plugin Store

;!;._ e
m% iﬁﬁg

QRcode_plugin todo_plugin ikun_plugin
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» Main Features of OpenPlugin

» QRcode_plugin

Plugin Structure Support for placeholder:

v B QRcode_plugin title: QR code API
description: XE—1"ATFHREN_4EIBEFNAPI,

version: ‘1.0.0

¢ .gitignore

{.} ai-plugin.json

{-+info.json servers:

©) LICENSE
logo.png

- paths:
@ main.py

/qrcode_image:
€% openapi.yami get:

] README.md summary : - SREX _4F0E A
operationId: getQRcode

requirements.ixt
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» Main Features of OpenPlugin

» How to use QRcode plugin

* Step O: Find a server

e Step 1: pip install openplugin-py

e Step 2: op install QRcode_plugin

e Step 3: op run QRcode

e Step 4: Get the json and YAML file

» Step 5: Register plugin to SageGPT or ChatGPT website
e Step6: Finished! Have fun!

AIREHER I & 2 F i\ B2 AL AT 8 NiDD A stmsuzEs




» Main Features of OpenPlugin

> QRcode plugin

igm SageGPT wEie (@9 RLEAphal)

—
BRSSP —_#B4R (QR code)

Demo i

SSSSSSS
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tmux (ssh) E data_server@pai-worker3: /data/data_server (ssh) : tmux (ssh)

A 4PDSage X | @ 4PDSage X @ NewTab x + v .
(ail)

& > C @ seachGoogleorty.. @ + & [0 &) : huangshiyu@m5-autorl-dev@2:~/tmp
>

“Believe in your il
tho:

£+ Ssan Francisco Bay, CA, USA Todo "m5-autorl-dev@2" 15:34 18-Jul-23



» Try OpenPlugin, Click Star!
Visit: https://github.com/OpenRL-Lab/openplugin

= O OpenRL-Lab / OpenPlugin Q Type[/)to search > +~- O 1 & 3

<> Code () Issues 1) Pullrequests (») Actions [fJ Projects (U Security |~ Insights £ Settings

< OpenPlugin rublic <z EditPins ~ ®Unwatch 1 ~ % Fork 0 - ¥ Star 0 -

¥ main ~ ¥ 1branch © 0 tags Go to file Add file ~ About b
Plugins for Large Language Model

‘ huangshiyu13 - add ikun_plugin ... dffaacb 30 minutes ago 0 8 commits
[ Readme
f» docs - add ikun_plugin 4 hours ago &5 Apache-2.0 license
. . . A~ Activit
m openplugin - add ikun_plugin 1 hour ago ctivity
¥ O stars
lugins - add ikun_plugin 1 hour ago
W plug —Pue g @ 1watching
f  scripts - add ikun_plugin 4 hours ago % 0 forks
Mn tests/test_cli - add ikun_plugin 1 hour ago Report repository
[ .dockerignore - add ikun_plugin 4 hours ago
[ .gitignore - add ikun_plugin 4 hours ago Releases
[ LICENSE Initial commit 2 days ago No releases published
Create a new release
[ Makefile - add ikun_plugin 4 hours ago
D README.md - add ikun_plugin 30 minutes ago Packages
[ pytest.ini - add ikun_plugin 4 hours ago No packages published
Publish your first package
D setup.py - add ikun_plugin 30 minutes ago
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