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超过15年的从业经验，涵盖大规模机器学习、湖仓平台及GenAI解决方案

架构，致力于帮助数字原生企业与大型企业解决最复杂的数据与人工智能

挑战。

从机器学习工程师成长为解决方案架构师，再到如今的Databricks中国架

构师团队负责人，Will兼具深厚的技术专长与敏锐的商业洞察，长期服务

于制造、零售、Digital Native、金融服务与生命科学等多个行业客户，

助力其实现数字化转型。

在加入 Databricks 之前，Will曾在腾讯与 Cloudera 担任关键技术岗位，

主导人工智能平台建设与大数据架构等核心项目。Will 热衷于用数据与AI

将复杂问题转化为可扩展、可落地的解决方案，持续推动企业技术创新与

业务增长。
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Databricks 介绍

PART 01



The data and AI company

Creator of:

10,000+
global customers

$2.4B+
in annual revenue

14B+
in investment

Inventor of the
lakehouse
and pioneer of
generative AI

LEADER
2023 Cloud Database 

Management Systems

LEADER
2024 Data Science 

& Machine Learning

Analytic 
Stream 
Processing 



DATA
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AI
2025 GARTNER DATA SCIENCE AND ML MQ

+



Databricks Data 
Intelligence Platform 架构与

能力总览

PART 02



Disaster recovery Cost controls Enterprise security

100% serverless

Lakehouse

AI/BI
Business intelligence

Databricks SQL
Data warehousing

Workflows/DLT
Ingest, ETL, streaming

Mosaic AI
Artificial intelligence

Databricks Data Intelligence Platform



Mosaic AI: The complete agent platform 

Build agent systems that deliver accurate, domain-specific results

Govern agents
AI guardrails

Usage tracking

Credentials

Rate limits

Prepare data

ML features

Vector index

Data ingestion

Build agents
GenAI models

Classical ML models

Function and tools

Deploy agents
Agent serving

MLOps/LLMOps

Lineage

Evaluate agents
LLM judges

Peer labeling

Tracing

Agents that reason across 
every enterprise system

Support for all existing and 
future AI models

Build trust with guardrails, evaluation, 
and monitoring



LLMs maxing out on general intelligence tests

2019 2020 2021 2022 2023

Open source vs. private models, 5-Shot MMLU performance Private Open source
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LlaMA 2
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DBRX

LlaMA 3
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PaLM 540B
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Claude 2

GPT-4
Flan-PaLM 2

PaLM 2

Claude 3

GPT-4o
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构建 GenAI Agent 的端到端质量保障

PART 03
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• Is my agent producing accurate answers?

• How do I improve my agent’s accuracy?

• Is my agent fast and cost effective? 

Delivering ROI with Gen AI is hard



How do I get my software 
app to work reliably? 

10 years ago…
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We know how to deliver reliable software

Write & run code locally

Unit tests

QA testing

Production telemetry
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Why can’t we just use this for GenAI?

● User inputs evolve without warning

● Domain expertise required to assess output quality

● Must trade-off between quality & cost/latency

GenAI introduces new challenges not present in software
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Vibe checks are necessary but not sufficient…

Software GenAI

?

Write & run code locally

Unit tests

QA testing

Production telemetry

Prompt engineer and vibe check
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MLflow enables you to reliably deliver quality

Offline evals

Apply software engineering best practices to GenAI

Write & run code locally

Unit tests

QA testing

Production telemetry

GenAI

Prompt engineer and vibe check

Product telemetry w/ evals



MLflow 3 如何实现闭环质量保障

PART 04



Before 2024

● THE MLOps tool for Classic Models
● A competitive Ops solution for Deep 

Learning

MLflow is the de facto standard for 
Experiment Tracking and Model Registry—
widely adopted across the open source 
community and industry, with all major clouds 
offering hosted MLflow.



Redesigned for the GenAI Era

Integrated with Agent 
Evaluation

Unified SDK for
● MLflow
● Agent Evaluation  

ANNOUNCING

3
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How does it work?
MLflow 3.0 Your GenAI API

Deployed on Databricks

Out of the box integration

Agent Framework

Agent Bricks

Your GenAI app
Deployed on your own infra

Instrument your code with 
MLflow Trace SDK 

pip install mlflow-tracing

…

Open standard for
GenAI observabilityTracing 

Secure governed storage in UC

MLflow Tracing is 
an open source 
standard, based 

on Open 
Telemetry

Works with ANY GenAI 
app - Model & 

Deployment Agnostic
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Real-time trace logging for 
online and offline agents

OOB LLM judges and integrated 
Review App for human labeling

OTel-based tracing for any agent, 
regardless of hosting

What problems does it solve?

MLflow 3.0

Unclear why agent 
performance is poor

Difficult to evaluate 
quality efficiently

Fragmented agent 
observability

1

2

3



MLflow 
Tracing

Documentation:
Databricks, OSS

https://docs.databricks.com/aws/en/mlflow3/genai/tracing
https://mlflow.org/docs/latest/genai/tracing/


Iterate Fast with Confidence

Why Observability Now?
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Quality is the #1 blocker for productionizing GenAI applications.

User inputs are not 
predictable and 
change over time

Quality Matters 

LLMs/Agents are 
non-deterministic 
and unpredictable.

Quality is defined 
vaguely and has 
many aspects.

Many moving pieces 
in the system, e.g., 
LLMs, retrievers, tools.
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Tracing

Observability with one API call, 20+ framework integrations

import mlflow

mlflow.autolog() # Enable automatic tracing

llm = ChatOpenAI(model="gpt-4o-mini", temperature=0.1)

chain = prompt_template | llm | StrOutputParser()

chain.invoke(query)

In Databricks, Tracing can be 
turned on with a single 

command
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What is MLflow Tracing?

Capture and visualize 
steps with inputs, 

outputs, and latency.



©2025 Databricks Inc. — All rights reserved

Standard and Interoperable

mlflow.library.autolog()

OpenTelemetry Traces

Trace 20+ libraries
by one line



MLflow 
Evaluation



Automatic Evaluation
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Evaluate Traces

Turn your real traces into evaluation dataset

import mlflow

from mlflow.genai.scorers import Correctness, Guidelines

traces = mlflow.search_traces(filter_string=”<your criteria>”)

correctness = Correctness()

# Define LLM judge with free-form guideline(s)

Is_concise = Guidelines(“the answer must be concise and clear”)

mlflow.genai.evaluate(data=traces, scorers=[correctness, is_concise])

In Databricks, LLM judge runs
using research-tuned models
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Custom Scorers

from mlflow.genai.scorers import scorer

@scorer

def exact_match(outputs, expectations) -> bool:

return outputs == expectations[“expected_response”]

from ragas.metrics import FactualCorrectness

@scorer

def ragas_factual_correctness(outputs, expectations) -> float:

sample = SingleTurnSample(outputs, expectations[“expected_facts”])

return FactualCorrectness(llm=...).single_turn_ascore(sample)

Decorate a function with
@scorer to use it for evaluation

You can easily define scorers
with RAGAS, DeepEval, etc.
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Review Evaluation Result

You can also compare results
of two app versions side-by-side

Click each trace to 
identify bottlenecks



Human Feedback
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Collect Human Feedback
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Human & AI Judge Feedbacks

Collect Human Feedback



Lakehouse 
Monitoring

Documentation:
Databricks

https://docs.databricks.com/aws/en/mlflow3/genai/eval-monitor/run-scorer-in-prod


Monitoring

Configure a monitor for your 
application (deployed anywhere)
with a few clicks:

● Pick built-in AI judges

● You can reuse same scorers

between offline and 

production environment

● Sampling traces
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Click on each bar to look at list of 
traces and dive deep



©2025 Databricks Inc. — All rights reserved

Monitoring

Security govern production traces 
with Databricks Unity Catalog

Analyze with SQL/dashboard
just like other business data



Prompt 
Registry

Documentation:
Databricks, OSS

https://docs.databricks.com/aws/en/mlflow3/genai/prompt-version-mgmt/prompt-registry/create-and-edit-prompts
https://mlflow.org/docs/latest/genai/prompt-version-mgmt/prompt-registry/


Prompt management

prompt = mlflow.register_prompt(

name="qa",

template="Answer the following question: {{question}}",)

prompt = mlflow.load_prompt(

"prompts:/summarization-prompt/2"

).format(text_to_summarize=query) # Load & format a prompt

response = client.chat.completions.create(
messages=[

{
"role": "user",
"content": prompt, # Use the prompt in a chat request

}
],
model="gpt-4o-mini")

Version and reuse prompts across agents
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Prompt management with UC

# Register a prompt template
prompt = mlflow.genai.register_prompt(

name="mycatalog.myschema.customer_support",
template="You are a helpful assistant. Answer this question: {{question}}",
commit_message="Initial customer support prompt")

print(f"Created version {prompt.version}") # "Created version 1"

# Set a production alias
mlflow.genai.set_prompt_alias(

name="mycatalog.myschema.customer_support",
alias="production",
version=1

)

# Load and use the prompt in your application

prompt = mlflow.genai.load_prompt(name_or_uri="prompts:/mycatalog.myschema.customer_support@production")

response = llm.invoke(prompt.render(question="How do I reset my password?"))

Integrated with Unity Catalog for Enhance governance and discoverability
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Prompt optimization

prompt = mlflow.register_prompt(

name="qa",

template="Answer the following question: {{question}}",

)

result = mlflow.genai.optimize_prompt(

target_llm_params=LLMParams(model_name="openai/gpt-4.1-nano"),

train_data=[{"inputs": {"question": f"{i}+1"}, "expectations": {"answer": f"{i + 

1}"}} for i in range(100)],

scorers=[exact_match],

prompt=prompt.uri,

optimizer_config=OptimizerConfig(num_instruction_candidates=5),

)

Automatically optimize your 
prompts by leveraging DSPy
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View and compare agent versions and promptsView and compare agent versions & prompts



ML & DL 

Improvements

Documentation:
Databricks, OSS

https://docs.databricks.com/aws/en/mlflow/
https://mlflow.org/docs/latest/ml/


行业落地实例

PART 05
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Thousands of our customers have shipped AI in 
production



replit is an online integrated development 
environment

• replit built Ghostwriter, a 
code-generation model, from 
scratch by training a 2.7B 
parameter LLM using Pre-
training

Solution

• 3 days to train LLM 
(versus weeks/months)

• 1 day Raw data to model 
deployed in production

• Lower costs

Impact

• They want to use LLMs in 
their product to assist 
developers 

• Training LLMs are 
prohibitively expensive 
and error prone

Challenge



Accurate trial data, without manual cleanup

They built an AI agent to 
extract key fields from 400K+ 
clinical trial documents—
making insights accessible 
without relying on engineering.

• Optimized accuracy 
automatically, with no 
retraining

• Flagged low-quality 
extractions using built-in 
evaluation

Solution

• 60 minutes to production

• Enabled non-technical 
users

• Lowered cost and 
complexity

Impact

AstraZeneca

AstraZeneca needed a 
scalable way to extract 
insights from 400K+ clinical 
trial documents to inform 
competitive and business 
decisions.

Existing tools were too slow, 
too manual, and too costly to 
scale.

Challenge
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